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Abstract

The literature examining the effect of sales control on salesperson performance is, at best,
equivocal. To reconcile inconsistencies in empirical findings, this research introduces two new
types of salesperson learnirgxploratory and exploitative learning. Drawing on regulatory focus
theory, the authors conceptualize exploratory learning as promotion focused and exploitative
learning as prevention focused and find that salespeople exhibit both exploratory and exploitative
learning, though one is used more than the other depending on the type of sales control employed.
The results also suggest that fit between salesperson learning and customer (i.e., purchase-
decision-making complexity) and salesperson (i.e., preference for sales predictability)
characteristicss critical to salesperson performance #mat salesperson learning mediates the
relationship between sales control and salesperson performance (Study 1). Study 2 corroborates
the findings using new panel data collected over two waves. The results of this research have
important implications for integrating sales control, salesperson learning, and salesperson
performance.

Keywords: sales control, exploratory learning, exploitative learning, customer decision-making
complexity, sales predictability, regulatory focus theory



An effective sales force is an indispensable asset, as salespeople play a fundamental role in
marketing strategy implementation (Kumar, Sunder, and Leone 2014). A competent sales force is
vital for firms attempting to outperform competitors through enhanced customer service and
satisfaction. However, salespeople are some of the most costly resources to acquire, develop, and
manage (Zoltners and Sinha 2005). According to a survey conducted by the Association for
Talent Development;U.S.-based companies spend approximately $20 billion per year on sales
training. Yet, many sales organizations get low ROIs from their sales training initigiBadsar
2014). Not surprisingly, the literature has focused on sales control systems as a reflection of
firms’ efforts to productively utilize the knowledge, experiences, and skills of their salespeople; to
motivate them to perform; and to help them maximize work outcomes (e.g., Ahearne et)al. 2010
As the sales job often involves independent, entrepreneurial, and autonomous tasks and
responsibilities, building an effective sales control system is an important toearcsessfully
manage salespeople. A sales control system is defirigdeasrganizatiots set of procedures for
monitoring, directing, evaluating, and providing feedback to its empldyéeslerson and Oliver
1987, p. 76). It has been suggested that different types of sales control systems (e.g., outcomes,
activities) can be conducive or restrictive to salesperson performance (e.g., Miao and Evans 2013
Oliver and Anderson 1994). However, the literature offers conflicting evidence (see Table 1), and
therefore no clear guidelines, about the link between various types of sales control systems and
salesperson performance (e.g., Challagalla and Shervani’1996

[Insert Table 1 here]

A systematic review identifies two streams of research: one stream fecupegformance outcomes at the sales
unit level (e.g., Cravens et al. 1993; Oliver and Anderson 1994}harather investigates performance outcomes at
the salesperson level (e.g., Challagalla and Shervani 1996; Miao and Evang B@X8irrent study focuses on the
individual salesperson and examines the effects of sales control systagmesperson’s performance as evaluated

by the sales manager, consistent with recent research (e.g., Evar29@7¥ aMiao and Evans 2013).



Sales scholars kiaraised concerns about the ability of sales control sysieireve a
direct effect on salesperson performance (e.g., Evans et al. 2007; Kohli, Shervani, and Challagalla
1998).The elusive and contentious notion of a direct relationship has been voiced in the literature,
suggesting that direct effect resufesther did not support or provided contradictory support for
the hypothesé&gLusch and Jaworski 1991, p. 412). While some studies find a positive link
between outcome control and performance (e.g., Evans et al. 2007), others report no relationship
(e.g., Kohli, Shervani, and Challagalla 1998; Miao and Evans 2013), and still others reveal a
negative link (e.g., Fang, Evans, and Landry 2005). This study helps clarify the path from sales
control to salesperson performance by offering new empirical evidence on the underlying
mechanism and contingencies in this relationship.

In this paper, we apply the concepts of exploratory and exploitative learning from the
organizational learning literature (e.g., Levinthal and March 1993; March 1991) to the salesperson
context, which has received neither conceptual nor empirical attention in the extant literature. We
define exploratory learning @ssalespersos opportunity-seeking learning behavior tisatased
on entrepreneurial actions focused on experimenting with, searching for, and discovering novel,
creative, and innovative selling techniques. We define exploitative learnagpéespersais
advantage-seeking learning behavior that enhances productivity and efficiency by adhering to
proven methods of selling and leveraging existing knowledge and experience, resulting in
minimal deviation from routine selling (Tuncdogan, Van Den Bosch, and Volberda 2015). We
ground these two types of learning in regulatory focus theory (RFT; see Higgins 1997, 2002) and
propose that the two learning behaviors represent contrasting apgstmaalddressing customer
problems. Specifically, exploratory learning is promotion focused and involves the renewal and

reconfiguration of existing selling skills to develop novel solutions, while exploitative learning is



prevention focused and involves the adherence to current selling skills and practices that play to
the salespersds strength, thus resulting in a safer, more established, and proven approach
(Tuncdogan, Van Den Bosch, and Volberda 2015).

In developing our conceptual model, we draw on RFT (Higgins 1997) 2002
regulatory fit to () investigate how salespeople adopt the two learning behaviors to varying
degrees in response to different types of control systems, (2) examine the indirect effect of
controls on salesperson performance as mediated by exploratory and exploitative learnir)g, and (c
explore how these learning behaviors differentially affect salesperson performance under the
conditioning roles of salesperson and customer characteristics. We test the conceptual model
using primary data from salespeople and their supervisors within pharmaceutical firms.

The pharmaceutical sector is undergoing a sweeping transformation, as the critical
decision makers about drugs are changing from doctors to hospital administrators. The shift in the
decision-making unit from a doctor to a team of administrators and doctors (Bonoma 2006)
makes the sales of pharmaceutical products much more complex and thus offers a fertile context
in which to test our modeThe sales function in the pharmaceutical industry is based on
effectively managing the requirements of unique customer groups: (1) physicians, the most
important customer segment because they have the authority and expertise to make decisions
about prescribing a drug; (2) hospitals, which are high-volume customers that buy directly from
pharmaceutical companies and wholesale drug distributors; and (3) patients, who use and buy the
medicines (though physicians must still decide on the selection of drugs). Doctors, who are
charged witkcating for their patients, prescribe certain drugs (vs. other drugs) for their healing
attributes, but they must do so within constraints set by insurance companies and governmental

regulations.



The sales function within pharmaceutical companies is typically organized as different
units that are constructed to meet the particular requirements of diverse market segments and
individual customers (e.g., diabetes consultants, hospitals). Sales reps focus their attention on
developing and managing close relationships with doctors, who are often confronted with better-
informed and more demanding patients, growing health cost pressures, and limited time to meet
and interact with medical reps (e.g., Ahearne et al. 2010; Kappe and Stremersch 2016).

Our study contributes to the literature in three important ways. First, we integrate the sales
control and learning literature and show that different sales control systems influence distinct
salesperson learning approaches in different wetyss, consistent with RFT, we conceptualize
exploratory and exploitative learning as malleable states (i.e., situationally induced) in response to
different types of sales controls, not as stable and fixed traits or dispositions (Higgins 2002).

Second, this study helps reconcile discordant findings on the link between sales controls
and performance. At the core of this unresolved issue lies the theoretical and practical dilemma
that companies experience when using sales controls. Firms often deploy controls in an effort to
changeasalesperson’s behavior, ultimately hoping to improve his or her performance. Although
cognitive and attitudinal change can lead to performance change, without change in action, the
change may be modest or short lived at best. Thus, to addresmtked results, we use a dual
mediating mechanism of exploratory and exploitative learning to show that different controls
affect salesperson performance via increasing or decreasing the two learning behaviors. Prior
research has attengotto show the performance impact of sales control indirectly through
changes in cognition (e.g., psychological climate) (Evans et al. 2007) and job engagement (e.g.,
adaptive selling, sales effort), but these efforigetiead limited success (Miao and Evans 2013).

Our findings reveal that, rather than changes in cognition or attitude, behavioral change (i.e.,



salesperson learnihgffectively mediates the relationship between sales control and performance.

Third, we contribute to the sales literature by articulating the conditions under which the
strength of the salesperson learnipgrformance link varies. We introduce a salesperson
characteristic (i.e., preference for sales predictability) and a customer characteristic (i.e.,
purchase-decision-making complexity) as moderators that have received limited attention despite
their theoretical and practical relevance. These factors reflect the changing landscape of how
purchase decisions are made in the pharmaceutical context. Preference for sales predictability is a
dispositional concept that constitutes a key element of the sales task in this setting; speitifically,
captures a salesperssilesire to convince doctors of a dsugfficacy and superiority in the hope
of boosting prescriptions and closing sales transactions. Custguerhase-decision-making
complexity refers to the time, amount of information, and number of parties involaed in
purchase decision. Because decision making about health care products is increasingly shifting
from a single source (i.ea,doctor) to strategic procurement teams that include administrators and
doctors (Rockoff 2014), it is important to consider purchase-decision-making complexity to
delineate boundary conditions of the performance impact of salesperson learning.

We test our model across two studies and conclude with a discussion of the theoretical
implications for integrating the sales control, salesperson learning, and salesperson performance
literature streams. We offer practical suggestions for effectively aligning control systems with
learning and leveraging learning according to salesperson and customer characteristics.

Theoretical Background
Model Overview
We ground our conceptual model (see Figure 1) in the overarching theoretical framework of RFT

and argue that salespeople engage in exploratory and exploitative learning to different degrees



depending on the type of sales control system deployed. We adopt a tripartite conceptualization of
sales control (i.e., outcome, activity, and capability), consistent with the works of Challagalla and
Shervani (1996) and Kohli, Shervani, and Challagalla (1998). In an attempt to reconcile
conflicting findings in the literature on the sales conrfpelformance link, our conceptual model
posits that exploratory and exploitative learning are mediators. Consistent with regulatory fit, we
also argue that performance will improve when salesperson leé&fitgigwith the preference for
sales predictability and purchase-decision-making complexity.

[Insert Figure 1 here]
Salesperson Exploratory and Exploitative Learning
Exploratory learning refers to tlfeursuit of new knowledge(Levinthal and March 1993, p.
105) and is characterized bgearch, variation, risk taking, experimentation, play, flexibility,
discovery, and innovatidnMarch 1991, p. 71). Exploitative learning involvélse use and
development of things already knoWwfLevinthal and March 1993, p. 105) and is characterized
by “refinement, choice, production, efficiency, selection, implementation, and exé&oiMiarch
1991, p. 71).

We build on this strong theoretical foundation and propose that salesperson exploratory
learning is a self-regulated promotion-focused behavior that involves searching for,
experimenting with, and discovering new selling techniques and skill sets that help improve sales
performance. In contrast, exploitative learning is a self-regulated prevention-focused behavior in
which the salesperson adésto proven existing selling techniques and skill sets that leverage
known knowledge and capabilities to enhance performance. Regardless of which learning style a
salesperson adopts, consistent with the RFT explanation of goal pursuit, both strategies strive to

achieve the common goal of improved performance.



In marketing, exploratory and exploitative learning has been studied primarily at the firm
level in the contexts of innovation (e.g., Atuahene-Gima 2005; Atuahene-Gima and Murray 2007
Jin, Zhou, and Wang 2016) and strategy (e.g., Kyriakopoulos and Moorman 2004; Vorhies, Orr,
and Bush 2011). However, it is important to distinguish learning at different units of analysis
because exploratory learning at the individual level may be considered exploitative learning at the
firm level. Consider, for example, the case in which a salesperson experiments and discovers a
new and unconventional approach to selling products, but then the sales organization capitalizes
on this opportunity by exploiting it for scalability. What one salesperson may consider
exploratory learning, another may perceive as exploitative learning, and vice versa. Thus, at the
individual level, there can be considerable variation in terms of how people view what constitutes
exploratory and exploitative learning.

The literature on organizational learning as a mediator between different types of strategic
orientation and firm performance is inconclusive. For example, Noble, Sinha, and Kumar (2002)
find that exploitative learning mediates the relationship between competitor orientation and return
on assets. Atuahene-Gima (2005) shows that competence exploration fully mediates the effect of
competitor orientation (but not customer orientation) on radical innovation performance, while
competence exploitation partially mediates the effects of customer and competitor orientations on
incremental innovation performance. Notwithstanding the contribution that organizational
learning has made to the marketing literature, there is a dearth of research on exploratory and
exploitative learning at the individual level (see Table 2), as echoed by Guopth, and Shalley
(2006, p. 703), who note th&tudies that examine exploration and exploitation at a micro level
are relatively scarce.”

[Insert Table 2 here]
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The few studies that have investigated salesperson learning tend to focus specifically on
learning effort (Wang and Netemeyer 2002) and itstinbrganizational learning (Bell, Menguc,
and Widing 2010). Yet two important issues merit further refinement and development. First,
salesperson learning lacks a more nuanced articulation of the exploratory and exploitative
learning approadsthat salespeople pursue. Such learning occurs not only by acquiring new
sales skills and techniques but aigarefining, tweaking, and perfecting existing sales techniques
to improve efficiency.

In the pharmaceutical context, for example, medical reps sell products to doctors and
hospitals on the basis of information about drug efficacy, dosing, and side effects; drug and food
interactions; and drug costs (see Kappe and Stremersch 2016). They search for novel ideas, skills,
and knowledge and seek new selling techniques to promote drugs and build close relationships
with customers (e.g., physicians, hospitals). For example, sales reps may research the hobbies and
interests of a given doctor (e.g., wine, art, sports such as golf, travel, gastronomy) so that they can
engage in an intellectual and personal conversation that goes beyond the mere recitation of drug
facts. This approach describes exploratory learning. That said, given the complexity involved in
health care product sales and the myriad constraints that doctors face, medical reps also need to
deploy selling techniques that have proven to work well for them, reliable tactics that help them
perform tasks productively and manage customer relationships efficiently. An example of such
exploitative learning would be when a sales rep relies on predefined scripts that compare the pros
and cons of their drug to those of competitors (i.e., strictly a product-centered approach).
provide some additional deeper context to these different approaches to learning, we conducted
interviews with pharmaceutical sales reps to provide a better understanding and more specific

examples of exploratory and exploitative learning (see Web Appendix A).
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Second, the operationalization of salesperson learning suffers from an overlap with
learning orientation. The items that comprise the individual learning effort dimension of
salesperson learning Bell, Menguc, and Widing (2010) mirror those of the learning orientation
construct (Kohli, Shervani, and Challagalla 1998). Thus, there is a need to refine a more nuanced
salesperson learning construct that is distinct from learning goal orientation and embodies
learning through exploration and exploitation.

Finally, it is important that we distinguish the two learning approaches from learning
orientation (also known as mastery orientation), which pertains to the intrinsic desire to learn and
improve (Ames and Archer 1988). As Kohli, Shervani, and Challagalla (1998, p. 263) assert,
“Salespeople with a learning orientation have a strong desire to improve and master their selling
skills and abilities continually and view achievement situations as opportunities to improve their
competence.” In this study, we focus on salesperson exploratory and exploitative learning, but not
on learning orientation, which we include as a control in our model (see Figure 1).

Regulatory Focus Theory (RFT)

RFT proposes two types of regulatory focus: (1) chronic regulatory focus describes a trait or
disposition thats chronic and stable in nature, while (2) situational regulatory focus, which we
adopt in this paper, is evoked and malleable and is affected by leadership style, organizational
climate, and certain situational tasks and demands. Because of these characteristics of situational
regulatory focusit is typically hypothesized to keemediator in many conceptual models (e.g.,
Neubert et al. 2008; Wallace and Chen 2006).

RFT explains how goals are achieved using two self-regulatory behauionsotion-
focused and prevention-foatsbehaviors (Higgins 1997). Regulatory fit occurs when people

pursue promotion- or prevention-focused strategies that are appropriately aligned with their
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regulatory orientation, with the task, or with situational demands (Higgins 2000). Regulatory fit
suggests that people are more likely to achieve goals and perform better because fit increases
motivation and engagement (Avnet and Higgins 2006). As Higgins (2000, p. 1219)‘petgde
experience a regulatory fit when they use goal pursuit means that fit their regulatory orientations,
and this regulatory fit increases the value of what they are doing.

Drawing on the situational (vs. chronic) perspective of regulatory focus, we define
exploratory learning as opportunity seeking, entrepreneurial, innovative, experimental, and risk
taking, and we categorize this type of learning as promotion focused (Liberman et al. 1999).
Because exploratory learning is concerned with growth, the focal issue tends to be avoiding
errors of omission (i.e., missing an opportunity that can lead to growth), resulting in a greater
motivation to push boundaries and try new selling techniques (DeCarlo and Lanl2016
contrast, exploitative learning, when viewed as advantage seeking, attempts to avoid deviations
from proven tactics and enhance protection; as such, the primary motivation is to avoid errors of
commission (i.e., making mistakes). Drawing on the situational perspective of regulatory focus,
we categorize this type of learning as prevention focused because prevention-focused people
prefer stability and show a strong endowment effect (Liberman et al. 1999).

Hypotheses Development

We substantiated our theoretical framework by collecting data in a pilgt st7@ salespeopli& a midsized
pharmaceutical firm. We measured promotion focus and preventionvidtbua six-item, fivepoint (1 = “never,”

and 5 =‘constantly/) scale (Wallace and Chen 2008Je used the scales of exploratory and exploitative learning
developd specifically for this study (see the “Instruments and Measure$ section in Study 1). The model estimating
exploratory (exploitative) learning as a function of promotion (preventianjsfsuggests that (1) promotion focus is
related positively to exploratory learning (b = .2B% .05) but not to exploitative learning (b = .085, not significant
[n.s.]) and (2) prevention focus is related positively to exploitative iteguib = .309p < .01) but not to explorative
learning (b =-.174, n.s.). These findings support our argument that promfataused salespeople tend to engage in
more exploratory learning, while prevention-focused salespeople adopt expldéativieg. These results are
consistent with Tuncdogalan Den Bosch, and Volberdg2015) predictions that a promotion (prevention) focus is
more strongly related to exploration (exploitation) than a prevention ¢gi@m focus.
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Main Effects
Consistent wh the tenets of regulatory fit, Wallace and Chen (2006, p. 533) drguelifferent
situations require different strategies, and, thus, a different regulatory focus, ¢teplogees’
levels of work-specific promotion focus and prevention focus may be more likely to change as
situational stimuli change, such as when employees are exposed to changes in leadership, work
climate, or tasklemands.” The authors further maintain (p. 533) ti¥&tte choice for engaging in
promotion or prevention strategies may depend at least in part on situational and task demands
(Brockner and Higgins 1997).” Our preceding arguments are further justified by Anderson and
Oliver (1987, p. 86), who state that saésperson’s selling strategies also should be a function of
the type of control systefhHere, we focus on three primary types of control systems: outcome
control, activity control, and capability control. We discuss each in turn in the following
subsectios.

Outcome control and exploratory and exploitative learning. The focus of outcome control
is to monitor, evaluate, and provide feedbaclasalespersos results, including sales volume,
sales revenue, and quota achievement (Kohli, Shervani, and Challagalla 1998). Outcome control
underscores short-term results (Oliver and Anderson 1994). Salespeople are not rewarded for
learning new sales techniques and approaches, but instead are compensated for attaining objective
and quantifiable results. Thus, there is little motivation for salespeople to learn novel skill sets
that might be risky, uncertain, and difficult to master quickly. Because salespeople are often
compensated to some extent with monetary incentives as opposed to a more traditional set salary,
time and effort invested in learning, experimenting with, and discovering creative and innovative
sdling techniques entail risk and ambiguity and can jeopardize their income.

It follows, then, that under outcome control, salespeople will adhere to proven and well-



14

rehearsed selling techniques that are closely aligned with and reinforce their existing strengths
and experience. Such salespeople tend to focus on preventing mistakes and minimizing variation
in outcomes by refining their existing sales approaches to realize greater efficiency and
productivity. As Oliver and Anderson (1994, p. 56) noteitcome-control salespeople view time

to train and learn as time out of the field (with a high opportunity cost) and are relatively

unwilling to experiment with new products and approaches because their reliance on commission
income pressures them to gain quick resulius, we predict that outcome control encourages
exploitative learning, which is prevention focused, and discourages exploratory learning, which is
promotion focused. Formally,

H1: Outcome control results in (a) less exploratory learning and (b) more exploitative
learning.

Activity control and exploratory and exploitative learning. The purpose of activity control
is to monitor and evaluate salespeapt the bais of certain processes and activities and reward
them for how well they follova prescribed formula (Anderson and Oliver 1987). Activity control
entails following dayto-day rules and procedures and complying with expectations. Empirical
evidence (Oliver and Anderson 1994) suggests that activity control is most effective when
salespeople are risk averse. Supervisors monitor activities that are makaadimutine and do
not deviate from standard practice (Kohli, Shervani, and Challagalla 1998).

Consistent with regulatory fit, salespeople engage in behaviors that are in line with the
work environment or situation (Neubert et al. 2008; Wallace and Chen 2006). Because activity
control emphasizes prevention-focused behavior via non-risk-seeking, routine, mechanical, and
standardized activities (e.g., number of sales calls made, number of samples distributed),
salespeople are likely to engage in more exploitative and less exploratory learning because it is

safer and more standardized type of learning and is a better overall fit with this type of working
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environment (Avnet and Higgins 2006).

H>: More activity control results in (a) less exploratory learning and (b) more exploitative
learning.

Capability control and exploratory and exploitative learning. The purpose of capability
control is to develop salespeopleompetencies so that they can perform better in their tasks and
responsibilities. Capability control involves setting goals to develop sales techniques and
customer relationship management abilities, monitoring and evaluating how salespeople are
performing in relation to these goals, and providing feedback on areas that need improvement. By
its nature, developing capabilities (e.g., the ability to close a sale without pressuring customers,
managing customergxpectations and emotions) takes time and patience. Capabilities are
typically tacit and thus require a long-term perspective to learn, develop, and master.

In the context of pharmaceutical sales, capability control is used to educate and train
salespeople to understand the unique needs of doctors and hospitals so that they can tailor their
sales pitch to different recipients. Role playing and contingency scenarios are developed so that
salespeople can make the most out of their short meeting time with doctors. Capability control
pushes salespeople to go beyond what the firm provides them with in terms of knowledge and
resources and to use their individual strengths to connect and build rapport with doctors either
through technical knowledge or personal affinity. Capability control also encourages salespeople
to educate themselves so that they take risks and move beyond their comfort zones to experiment
with bold and novel approaches to selling (e.g., talking about wine, arts, sports, or othershospital
best practices)-whatever it takes to forge a connection with doctors.

When it is understood that supervisors are interested in investing in and evaluating their
salespeople’s capabilities, the message is that salespeople should be directing their behaviors

more toward searching for and experimenting with innovative sales techniques rather than
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seeking to refine status quo approaches. Mistakes, deviations from routine selling, and trial and
error are inevitable consequences of capability control, and such miscues are often viewed as the
natural consequences of progression toward discovering novel solutions to cuspoaixesns.

Thus, capability control encourages exploratory learning that is promotion focused.

Hs: Capability control results in (a) more exploratory learning and (b) less exploitative
learning.

The Mediating Role of Salesperson Learning

The discordant findings regarding the effects of sales control on performancequasiu

examine the complexity underpinning this relationship and, in turn, to propose a set of mediation
hypotheses in an attempt to unpack this contentious issue. We reason that sales control is too
distal to have a direct impact on performance and instead propose a new mechranssaly,

sales control influences performance through a more proximal path of salesperson learning.
Specifically, we argue that sales control will enhance performance when salespeople self-regulate
their behaviors (in either a prevention-aggromotion-focused manner) in ways that display
regulatory fit with the type of control being used.

Using a distalproximal framework, Lanaj, Chang, and Johnson (2012) show through
meta-analysis that distal personality traits have an impact on work behaviors (e.g., task
performance, organizational citizenship behavior, innovative performance) through more
proximal regulatory focus. As the authors argue99), “because regulatory foci represent
proximal motivational constructs (Scholer and Higgins 2008), they may operate as channels
through which more distal individual differences affect work behaviors.” Research has shown that
regulatory-focused behaviors function as mediators between distal personal and situational
antecedents and performance. For example, Wallace and Chen (2006) show that promotion and

prevention regulatory foci mediate the relationships between conscientiousness and group safety
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climate and between production and safety performance. Research has also reported that
prevention focus mediates the relationship of initiating structureimvtble performance and
deviant behavior, while promotion focus mediates the relationship of servant leadership with
helping and creative behavior (Neubert et al. 2008).

Given the strong theoretical and empirical support of the mediating role of regulatory foci,
we posit that the two types of salesperson learning mediate the relationship between sales control
and performance. However, because each type of sales control affects exploratory and
exploitative learning in different directions, we expect different signs for the indirect effect
depending on the relationship between sales control and learning.

For outcome and activity control, we predict that there will be a negative (positive)
indirect effect on salesperson performance when mediated by exploratory (exploitative) learning.
This reasoning is based on our prediction that outcome and activity controls discourage
(encourage) exploratory (exploitative) learning. For capability control, we posit that there will be
a positive (negative) indirect effect on salesperson performance when it is mediated by
exploratory (exploitative) learning because capability control encourages (discourages)
exploratory (exploitative) learninghe positive performance effects of exploratory and
exploitative learning are in line with RFT; irrespective of whether a promotion- or prevention-
focused behavior is used, both share the goal of improving performance. Formally, we propose
the following hypotheses:

Hsa Outcome control has a negative indirect effect on salesperson performance when it is

mediated by exploratory learning.

Hap: Outcome control has a positive indirect effect on salesperson performance when it is

mediated by exploitative learning.

Hsa Activity control has a negative indirect effect on salesperson performance when it is

mediated by exploratory learning.

Hsp: Activity control has a positive indirect effect on salesperson performance when it is
mediated by exploitative learning.



18

Hea Capability control has a positive indirect effect on salesperson performance when it is

mediated by exploratory learning.

Heb: Capability control has a negative indirect effect on salesperson performance when it

is mediated by exploitative learning.
The Moderating I nfluences of Salesperson and Customer Characteristics
We chose the two moderators of (1) preference for sales predictability andt{)ers’
purchase-decision-making complexity based on theoretical grounds that either can strengthen or
weaken regulatory fit and ultimately influence performance by accentuating or attenuating the
impact of regulatory-focused behavior on performance. On a practical level, it is also well known
that salespeople are conscious of the need to close sales transactions and feel the pressure to do
so. However, there is little academic research on this topic. Therefore, the construct of preference
for sales predictability taps into this characteristic of a salesperson, and our model captures this
construct as a moderator. Furthermore, given the pharmaceutical context of this study, it is
appropriate to examine customers’ purchase-decision-making complexity as a moderator because
the number of parties involved in making purchase decisiong dhays is changing frora
single source (e.g., doctors) to multiple parties (e.g., doctors and hospital administrators), and we
expect such complexitige condition the impact of the two learning behaviors on performance
(Bonoma 2006).

Preference for sales predictability. The literature on need for closure suggests that
salespeople who hawehigh preference for predictability desire prompt, firm, and transparent
answers (Webster and Kruglanski 1994). They are less tolerant of uncertainty and thus tend to
avoid situations that are unpredictable and less straightforward. Therefore, salespeaple with
high preference for sales predictability will prefer prevention-focused behaviors (Cesario, Grant,

and Higgins 2004). The combination of exploitative learningaamdh preference for sales

predictability is compatible because both evoke a prevention focus, thus strengthening regulatory
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fit and, in turn, increasing performance. Conversely, the combination of exploratory learning and
ahigh preference for sales predictability is incompatible because exploratory learning is
associated with promotion-focused behavior, thus weakening regulatory fit and, in turn,
mitigating performance. Thus, we propose the following:

Hza The effect of exploitative learning on salesperson performance increases as a

salesperson’s preference for sales predictability increases.

Hzv: The effect of exploratory learning on salesperson performance decreases as a

salesperson’s preference for sales predictability increases.

Customers$purchase-decision-making complexity. Purchase decision making becomes
more complex when customers (1) take longer to make a purchase decision, (2) require more
information to arrive at a purchase decision,ifi8olve multiple parties rather than a single
person, and (Mperform a purchase task that is new rather than routine or standard (e.g., Schmitz
and Ganesan 201L4Therefore, high customer purchase-decision-making complexity creates a
risky and uncertain situation in which prevention-focused belsarermore likely to pay off and
promotion-focused behaviors can be costly. Consistent with Jawso($RB8) argument that fit
between sales control and the environment is critical to realize performance, we posit that the
impact of exploitative learning on salesperson performance will be elevated under high customer
purchase-decision-making complexity.

As March (1991, p. 85) argueshe distance in time and space between the locus of
learning and the locus for the realization of returns is generally greater in the case of exploration
than in the case of exploitation, as is the uncertéifityerefore, the performance of a salesperson
who relies on exploratory learning will suffer when dealing with customerseyhwchase
decision making accentuates, compounds, and acutely raises the risks associated with exploratory

learning. This suggests that there is poor regulatory fit when a promotion-focused behavior such

as exploratory learning is usedasituation that demands prevention-focused actions, as in high
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customer purchase-decision-making complexity. The overall effect, therefore, is to weaken the
impact of exploratory learning on salesperson performance. Formally, we hypothesize th
following:

Hsa The effect of exploitative learning on salesperson performance increases as customer

purchase decision making becomes more complex.
Hsp: The effect of exploratory learning on salesperson performance decreases as customer
purchase decision making becomes more complex.
Research Approach

We tested our conceptual model across two studies using data collected from South Korea, one of
the largest pharmaceutical markets in the world and the third largest in Asia, with sales expected
to grow from $15.1 billion in 2015 to $18.3 billion by 2020. There is considerable government
regulation on pricing and advertising to patients in the Korean pharmaceutical industry. All
selling, marketing, and advertising activities are targeted toward physicians and hospital
administrators rather than patients. The Korean pharmaceutical industry has one of the highest
selling, general, and administrative expenses, which account for 30.5% of total sales, higher than
the average 20% typically found in Korean manufacturing firms (Kim 2017). Therefore, the
Korean pharmaceutical market can be characterized as an industry that competes mostly through
sales promotion versus price differentiation. Doctors occupy an important position (although the
decision-making unit becomes more complex for larger university hospitals) in deciding which
prescription drugs to use. This implies that salespeople have a window of opportunity in
influencing a doctor to use their drugs. Thus, the pressure to be creative and leave a lasting
impression and to stand out from the crowd is key to influencing doctors to choose their drugs.

Furthermore, the Korean government regulates rebates (i.e., gifts and monetary incentives)

and kickbacks that pharmaceutical firms use to persuade doctors to prescribe their drugs, although

such practices have yet to be firmly rooted out. Such an environment pushes salespeople to
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experiment with new selling techniques and forces them to step outside of their comfort zones.
For example, they understand that they must try to learn foreign selling approaches, which may
not necessarily play to their strengths. Thus, the competency of sales representatives is a critical
asset that can determine the fate of pharmaceutical firms in this industry. The two companies
chosen for this study are global pharmaceutical companies operating in South Korea. The first
company markets more than 80 products and has annual sales exceeding $300 million, while the
second firm sells more than 100 products and has sales exceeding $350 million.

In Study 1, we collected salesperson data on control systems (Wave 1) and, after two
months, data on salesperson learning and customer and salesperson characteristics (Wave 2).
Then,we matched salesperson data with sales masiagesluations of salesperson performance,
which we gathered three weeks after Wave 2. However, the model does not fully capture the
change in salesperson learning and performance over time. Thus, in line with recent research
(Kumar et al. 2011; Kumar and Pansari 2016), we conducted Study 2 to assess the robustness of
our model using panel data collected from salespeople and sales managers at two points in time.
Thereis a dearth of studies that offer insights into how salesperson learning unfolds over time
(Mathieu et al. 2008), and our two studies are designed to fill this gap.

Study 1
I nstruments and Measures
We designed our study and took all necessary procedural measures to minimize common method
bias (Podsakoff et al. 2003). To reduce evaluation apprehension and protect anonymity,
respondents were assured that there were no right or wrong answers and that responses would
remain strictly confidential. We randomized the order of the measures to reduce respondents

tendency to rate items similarly (e.g., rating control systems and exploratory and exploitative
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learning consistently high or low). To limit potential common method bias effects, we obtained
data on salesperson performance from sales managers and data on all other constructs from
salespeople at two points in time. Because the unit of analysis is the individual salesperson, we
measured all variables at the individual level. Unless otherwise stated, we used a five-point scale
to assess responses (see Taple 3

[Insert Table 3 here]

Exploratory and exploitative learning. Because there are no established scales that
measure exploratory and exploitative learning in the sales context, we developed the scales
according to the following stepgChurchill 1979). First, we generated items to tap exploratory
and exploitative learning. Following existing firm- and/or unit-level scales (e.g., Atuahene-Gima
and Murray 2007), we used buzzwords sucteaplore? “search; “discovery;
“experimentatior, “risk taking; and“novelty’ for exploratory learning arfimplementatiori,

“proven approachés;adherencé, “efficiency;” and“productivity’ for exploitative learning

(March 1991, p. 71). We were careful to put together scale items in such a way as to create two
distinct measures of learning so that they would not overlap with existing measures, such as
adaptive selling. Second, we conducted in-depth interviews with 20 salespestpleting them

to assess the scale items in terms of relevance, clarity, and thoroughness. We made necessary
revisions in line with their feedback. Third, we assessed the revised scales using data collected
from a new batch of 78 salespeople. Test results indicated that the scales were reliable, valid, and
unidimensional, so it was not necessary to drop any scale items to improve reliability or validity.

Control systems. We measured activity control (five items) and capability control (five

items) with scales borrowed from Kohli, Shervani, and Challagalla (1998). We operationalized

3 In-depth interviews with manatp and sales representatives clearly indicated salespeople’s involvement in
exploratory and exploitative learning in an effort to improve their salks.tas
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outcome control in terms of incentive rate using Lo, Ghosh, and LaFasté2@d.1) formula.
Specifically, we calculated incentive rate for each salesperson as the ratio of total variable
compensation (i.e., total compensation minus base salary) to sales revenue in the last financial
year. We chose this measure over alternatives (e.g., vartatdtl compensation) because it is
“consistent with the notion of ex ante incentives per agency theoretic models and thus is not
susceptible to distortions arising from ex post realizations of out¢ofbesGhosh, and

LaFontaine 2011, p. 788).

Moderating variables. We measured preference for sales predictability using a four-item
scale? Preference for predictability is one of the dimensions of Webster and Krugta(i894)
higher-order need-for-closure scale, which has been adapted to various contexts such as consumer
information search and shopping behavior (e.g., Choi et al. 2008; Houghton and Grewal 2000).
We adapted previously validated items to the sales context. We measured customer purchase-
decision-making complexity using a five-item scale (John and Weitz 1989).

Salesperson performance. We asked sales managers to rate the extent to which
salespeople met sales objectives. We measured salesperson performance with a seven-item
formative scale (¥ “needs improvemefitand 5 = “outstanding) (Behrman and Perreault 1982).

Control variables. We detail the control variables in Web Appendix B.

Sample and Data Collection
We used a two-wave, multirespondent approach to collect data from two large pharmaceutical

firms with the endorsement of their human resources managégsollected the salesperson

4Our scale differs from Lo, Ghosh, and LaFontai{g011) salesperson risk aversion scale s€aathors measure
“the manager’s perceptions of the focal salesperson’s preference for income stability and aversion to variations in
outcomes and pay” (p. 789), whereas our measure captures a salespeopls perceptions of preference for
predictability in sales situations and aversion to vaniatio customers’ expectations.

>We dummy-coded the two firms to control for their fixed effects on Iagrand performance using the weighted
dummy variable approach (Aiken and West 1991) due to an unequal diistribfiresponses from each company.
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data in two waves. In the first wave, we sent the questionnaire to 616 salespeople via a link in the
firms’ intranet system. Salespeople were informed about the purpose of the study and the
confidentiality of responses and they were asked to respond to questions about demographics,
learning goal orientation, sales volatility, activity control, and capability control. After two
reminders, we obtained 414 usable salesperson responses. Two months later, we conducted the
second wave of the study with the initial 414 responding salespeople, who were then asked to
respond to questions pertaining to exploratory and exploitative learning, preference for sales
predictability, and customerpurchase-decision-making complexity. After two reminders, we
received 378 usable responses (Company A = 142; Company B = 236), for a response ¥ate of 61
(Company A= 61%, Company B- 64%).

Three weeks later, we collected data from sales managers. We received responses from 42
managers, who, on average, provided information on the performance of nine salespeople. We
found no significant differences between early and late respondents with teetdadanodel
constructs, demographics, and matched performance data. Salespeople were mostly male (91.5%),
were an average of 34.9 years of age, served an average of 62 customers, and received an average
of 40.6 hours of training. In addition, 54% held graduate degrees, and they averaged 7.4 years of
territory experience, 4.8 years of firm experience, and 7.4 years of career experience.

Measure Validation and Common Method Bias

Measure validation. We conductadonfirmatory factor analysis (CFA) to assess the
reliability and validity of the measures to which salespeople had resgorite CFA showgood
fit to the data, after we detatitems withalow factor loading (see Table 4). The composite

reliability and average variance extracted values were above .70 and .50, respectively. Standard
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testing procedures (Anderson and Gerbing 1988; Bagozzi and Yi 1988; Fornell and Larcker 1981)
supported both convergent and discriminant validity of the measures (Jable 5
[Insert Tables 4 and 5 here]

Common method bias. We assessed the extent of common method bias in salesperson-
rated measures using the marker variable technique (Lindell and Whitney 2@bdge-item
scale of firm dependence on the key supplier (Jap and Ganesan 2000) served as a marker variable
because it is not theoretically related to the staidgre variables and has good reliabiliy/ £
3.47, SD = .82, Cronbatdo = .78). Common method bias was not a major threat, as the pattern
and magnitude of covariances did not change significantly before and after the marker’sariable
inclusion in the measurement model.
Model Estimation
We estimate the model by taking into consideration (1) measurement error, (2) alternative models,
and (3) endogeneity of exploratory and exploitative learning. We review each of these in Web
Appendix C.
Results

Main effects. As Table 6 reports, outcome control is negatively related to exploratory
learning (b =-.072, p < .01) and positively related to exploitative learning (b =.107, p <.01), in
support of Haand Hy. Activity control is not related to exploratory learning (b = .020, not

significant [n.s.]) but is positively related to exploitative learning (b = .257, p <.01), in support of

5The exploratory and exploitative learning measures must also be distinehfrsenof related constructs, such as
adaptive selling (Spiro and Weitz 1990) and learning goal orientation (Sujan, #eitkumar 1994). We compared
the unconstrained and constrained (i.e., the correlation between construsét teak) models (Anderson and
Gerbing 1988) for each type of learning and adaptive selling and legiwahgrientation. In all cases, the chi-square
difference between the twaodels for each pair was significant (Ay? > 3.84, Ad.f. = 1, p < .01), which suggests that
the two types of learning are distinct from other similar constructs. We alsd testproposed model by controlling
for the effect of adaptive selling on performance. The model with adaptlirgexplained an additional 3% of the
variance in performance, with no change in the significance oftdinecinteraction effects.
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H2p but not Ha Capability control is positively related to exploratory learning (b =.174, p < .01)
and negatively related to exploitative learning (R *06, p < .05), in supporf doth Haand Hp.
[Insert Table 6 here]

Mediation effects. Our conceptual model hypothesizes the mediating role of salesperson
learning. We estimate the indirect effects of control systems on salesperson performance through
exploratory and exploitative learning by bootstrapping (1,000 samples) at the 95% confidence
level (Zhao, Lynch, and Chen 2010). None of the control systems has a significant direct effect on
salesperson performance. However, outcome control has a negative, significant indirect effect on
performance through exploratory learning (b.815, confidence interval [CI}H031,-.005], p<
.01) and a positive, significant indirect effect on performance through exploitative learning (b =
.020, CI1[.006, .043], p < .05), in support ofsldnd Hy. For activity control, the indirect effect
through exploitative learning is positive and significant (b = .049, CI [.018, .100], p < .01), while
the indirect effect through exploratory learning is not (b = .004,-ODf/, .022], n.s.). These
findings support b but not Ha Finally, capability control reveals a positive, significant indirect
effect on performance through exploratory learning (b = .037, CI [.015, .065], p < .01) but not
through exploitative learning (b=020, CI [.056, .001], n.s.), in support okkbut not Ha

Interaction effects. In line with H the effect of exploitative learning on performance
increases as a salesperson’s preference for sales predictability increases (b =.095, p < .01).

Exploitative learning has a stronger positive effect on performance at high levels of preference for
predictability (b = .279p < .01) than at low levels of preference for predictability (b = .137, p

.05), in support of k. However, the interaction effect of exploratory learning and preference for
sales predictability is not significant (b = .026, n.s). Thus, the results do not support H

The effect of exploitative learning on salesperson performaksgses as customers’
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purchase-decisiomaking becomes more complex (b =.166, p <.01). Exploitative learning is
related to performance at low levels of purchase-decision-making complexity (b =.107, p < .05),
but the effect becomes stronger at high levels of purchase-decision-making complexity (b = .308,
p <.01), in support of & The effect of exploratory learning on salesperson performance
decreases as purchase-decision-making complexity becomes more complek4®, p < .05).
Exploratory learning is related significantly to performance at low levels of purchase-decision-
making complexity (b =.263, p < .01) but not at high levels of purchase-decision-making
complexity (b =.083, n.s.), in support ogH

Post-hoc test. We conducted a post-hoc analysis to test the direct, indirect, and total
effects on performance and the effect of exploratory and exploitative learning on performance.
We detail the test results in Web Appendix D.

Study 2

Purpose and Contribution
Study lreinforces the notion that sales control systems are of crucial importance for the
effectiveness and efficiency of salespeople and sales organizations. However, Study 1 examines
the performance impact of sales control systems by taking a static approach. We still do not know
how changes in sales control systems over time influence salesperson performance. Therefore, a
dynamic model of sales control systems is needed. As stated earlier, the literature offers mixed
results on the performance effect of sales control systems. We speculatesthadrnfieting
findings may partly be due to the static approach taken in studying sales control systems.
Examining the sales control systempsrformance relationship by taking a dynamic approach

might shed light on the contradictory findings in the literature. Thus, the purpose of Study 2 is to
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examine the relationship between changes in the degree of sales control systems,
exploratory/exploitative learning, and performance over time.

Study 2 makes two important contributions. First, we provide empirical evidence as to
whether the findings of the conceptual model (Figure 1) tested in Study 1 can be replicated when
changes in sales control systems and salesperson performance are taken into consideration.
Second, we test whether change in exploratory/exploitative learning is a key mechanism by which
change in sales control systems can lead to change in performance.

Sample and Data

For Study 2, we collected new data from a large pharmaceutical firm at two points in time to
capture matched salesperson and supervisor responses to the model congtacget¥d 352
salespeople and 24 supervisors to complete the questionnaire at Tiraeeteived 253 and 24

usable responses from salespeople and supervisors, respectively. One year daterdall

Time 1 respondents to complete the questionnaire again. This yielded usable responses from 214
salespeople and 24 supervisors at Time 2. Salespeople were mostly male (88.8%), with an
average age of 34.8 years. A total of 88% held a graduate degree, and they averaged 7 years of
territory experience, 6.6 years of firm experience, and 7 years of career experience. Salespeople
served an average of 65 customers and received an average of 53.8 hours of training.

Analytical Approach and Results

The analytical approach involved two steps. First, we performed measure validation for the scales
based on the salespeople’s responses at Time 1 and Time 2. Second, similar to previous studies

(e.g., Kumar and Pansari 2016), we tested the proposed links in Figure 1 by considering changes
in variables over time by using the growth modeling approach. We provide the details of the

analytic approach in Web Appendix Next, we present the results.
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Main effects. As Table 7 shows, change in outcome control is negatively related to change
in exploratory learning (b =.162, p < .01) and positively related to change in exploitative
learning (b = .166, p < .01). Change in activity control is not related to change in exploratory
learning (b =.113, n.s.) but is positively related to change in exploitative learning (b = <162, p
.01). Change in capability control is positively related to change in exploratory learning (b = .187,
p <.01) but is not related to change in exploitative learning (b = .053, n.s.). Changes in
exploratory learning (b = .252, p <.01) and exploitative learning (b = .478, p <.01) are both
positively associated with change in performance.

[Insert Table 7 here]

Mediation effects. Change in outcome control directly affects change in performance (b =
.236, p < .01 While outcome control’s indirect effect through change in exploitative learning is
positive (b =.039, p <.05), this effect is negative through change in exploratory learning (b =
.032, p <.05), suggesting partial mediation through an increased change in exploitative learning
and a decreased change in exploratory learning. Change in activity control has no direct effect on
change in performance (b = .163, n.s.); however, the indirect effect through change in exploitative
learning is significant (b = .038, p < .05), while the same effect through change in exploratory
learning is not (b = .022, n.s.), suggesting full mediation only through change in exploitative
learning. Finally, the direct effect of change in capability control on change in performance is
significant (b = .215, p < .01), as is the indirect effect through change in exploratory learning (b =
.038, p <.05), but not through change in exploitative learning (b =.013, n.s.), in support of partial
mediation only through change in exploratory learning.

Interaction effects. Change in preference for sales predictability positively moderates

change in the exploitative learnifgerformance link (b = .469, p < .01) but negatively moderates
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change in the exploratory learniqmerformance link (b =.315, p <.05). Change tustomers’
purchase-decision-making complexity positively moderates change in the exploitative learning
performance relationship (b = .452, p < .01) and negatively moderates the exploratory-earning
performance link (b =.204, p < .0%
Discussion

Using RFT and regulatory fit as the overarching theoretical framework, this study integrates how
different research streams, such as sales control systems and salesperson learning, which have
evolved independently despite room for cross-fertilization, can come together to explain the
influence of sales control on performance. First, our research introduces two novel constructs to
the sales literature: salesperson exploratory and exploitative learning. We demonstrate that
exploitative learning and exploratory learning can be encouraged or discouraged, depending on
the type of sales control used. Second, we find that each type of control has a dual indirect effect
on performance through either exploratory or exploitative learning, with the dual mediation
pathways revealing opposite effects (one positive and the other negative). Third, we employ
moderators that tap into salesperson and customer characteristics to delineate boundary conditions
that shape the salesperson learApegformance linkage.
Theoretical | mplications and Extensions

Integrating the literature on sales control and salesperson learning. The sales control and
learning literature streams have advanced in parallel without much integration. We attempt to
reverse this trend by theorizing and empirically showing that there is an intricate link between the
two. Results suggest thaf) (Zhen outcome control is used, more exploitative and less
exploratory learning occurs;Y#hen activity control is used, more exploitative learning occurs;

and (3 when capability control is used, more exploratory and less exploitative learning occurs.
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If the objective is to have salespeople engage in experimental, creative, risk-taking, and
bold endeavors to address custorneeeds in different and novel ways, capability control is
optimal. On the contrary, if the goal is to encourage salespeople to use safe and proven methods
with little ambiguity and risk, outcome or activity control would be more effective. These results
extend the regulatory fit literature to the sales context by showing that there is greater alignment
between sales control and salesperson learning if a salesperson adopts a more promotion-focused
(prevention-focused) learning approach when management is more (less) tolerant of mistakes,
uncertainty, and risks and takes a lertgrm (shorer-term) perspective. Our research shows that
salespeople engage in both types of learning but gravitate toward one more than the other in
response to the type of sales control adopted (Jaworski 1988).

Contribution to the link between sales control and salesperson performance. Our study
articulatesa clear but complicated mediation process between sales control and performance
through salesperson learning. The results reveal that outcome and activity controls have negative
(positive) indirect effects on performance when mediated by exploratory (exploitative) learning,
while capability control has a positive (negative) indirect effect on performance when mediated
by exploratory (exploitative) learning. These results show how the dual mediatiorcgalbad
in opposite directions and often result in equivocal and conflicting results depending on the type
of learning. Because each control system can have two pathways to performance, either through
exploratory or exploitative learning, where one is positive and the other is negative, the two paths
may cancel each other out and, in turn, nullify the direct impact of control on performance. Given
this new insight, our findings can partially explain the mixed results in the literature pertaining to
control systems and performance.

Contribution to the contingency effect of salesperson learning. Performance effects related
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to the two types of learning we examine depend on salesperson and customer characteristics.
Although research has shown that learning efforts lead to greater self-efficacy, the literature is
silent on when salesperson learning, let alone different types of learning, results in different levels
of performance (Wang and Netemeyer 2002). Building on the reasoning of regulatory fit and in
line with the results from Studies 1 and 2, we find that at high (low) levels of preference for
predictability, the effect of exploitative learning on performance increases (dejredsk the

effect of exploratory learning on performance decreases (increases). At high (low) levels of
purchase-decision-making complexity, the effect of exploitative learning on performance also
increases (decreases), while the effect of exploratory learning on performance decreases
(increased). Collectively, these interaction effects support our theorizing that performance
benefits (suffers) from salesperson learning when there is regulatory fit (misfit) between learning
and salesperson and customer characteristics.

Contribution to salesperson learning. The marketing literature has emphasized learning at
the firm level (e.g., Hurley and Hult 1998). This focus might be responsible for the limited
theoretical and practical advancement pertaining to learning at the individual level, despite
repeated calls for such research (Tuncdogan, Van Den Bosch, and Volberda 2015). This study is
one of the few to examine exploratory and exploitative learning at the salesperson level. Given
that individual exploratory and exploitative learning are the micro-foundations for organizational
and team-level learning, our study enhances the understanding of the role that a salesperson
learning plays in higher-level learning within firn#s Argyris and Schon (1978, p. 20) note,

“there is no organizational learning without individual learriing.
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Managerial Implications

In the pharmaceutical industry, salespeople are getting less face time with physicians. Instead,
they are finding themselves in a position of having to convince hospital administrators, who are
increasingly acting as gatekeepers of purchase approvals (Rockoff 2014). This paradigm shift is
rewriting the rulebooks for salespeople, who must adapt to the turbulent health care en¥ironmen

When to use salesperson exploratory or exploitative learning. When a salesperson can sell
to a doctor (i.e., a single decision-making unit) rather than to a group of hospital administrators
(i.e., a group decision-making unit) or if the salespersomhagh tolerance for generating sales,
using exploratory learning is more likely to pay off. Howeweicomplex buying situations, such
as new purchases involving multiple people with different roles (e.g., purchaser, influencer), or
when the salesperson ha®w tolerance for closing sales transactions, exploitative learning will
be the preferable mode of learning to enhance salesperson performance.

Understand salesperson and customer characteristics to determine which control system
should be used to maximize impact on performance. Given the dual mediating route from sales
control to performance, it is important to identify the combination of salespersaustiacher
characteristics that will produce the greatest impact from each type of sales control on
performance and what the dominant salesperson learning is that accounts for how this occurs (see
Web Appendix D). For example, we find that outcome and activity controls maximize
performance when both preference for sales predictability and purchase-decision-making
complexity are high, while capability control benefits performance the most when both preference
for sales predictability and purchase-decision-making complexity are low. Furthermore, it is
critical to understand that exploitative learning, rather than exploratory learning, is the dominant

path through which the impact of outcome and activity control on performance is maximized



34

when both moderators are high. Conversely, exploratory learning is the dominant route through
which capability control’s effect on salesperson performance is maximized when both moderators
are low. Managers need to be cognizant of these difference effects and ensure that the appropriate
learning style is aligned with the given type of sales control that is being employed.
Limitations and Future Research Directions
The empirical assessment of our model should be interpreted in light of certain limitations, due in
part to trade-off decisions in our research design. We tested our model in the pharmaceutical
industry in South Korea, bittwill be important to conduct studies beyond this context to assess
the generalizability of our findings. We test the proposed model with data collected at the
salesperson level. Thus, our findings reflect the variation in the level of exploratory and
exploitative learning across salespeople. Yet salespeople perform a variety of tasks. Accordingly,
the extent to which salespeople emphasize exploratory and exploitative learning may well depend
on the nature (or type) of the task they perform. In this case, the appropriate unit of analysis
would be at the task level rather than at the salesperson level, and data collected at the task level
may capture variation in the level of exploratory and exploitative learning across tasks more
appropriately. Moreover, although not examined in this research, a change in learning over time
may be needed, such as from exploitative to exploratory, or vice versa, even for the same doctor.
In addition, ve have suggested that because prior studies that have used cognition or
attitude as mediators between sales control and salesperson performance have provided limited
and inconclusive results, behaviors such as salesperson learning, which is more proximal to
salesperson performance, may be the more appropriate mediator. However, our model does not
include cognition- or attitude-related mediators, and therefore a more robust and rigorous test

would be to include cognition-, attitude-, and behavior-related mediators all in one model.
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Furthermore, although it is likely that firms deploy combinations of sales controls
(Jaworski, Stathakopoulos, and Krishnan 1993), this study does not focus on interactions between
control systems (Miao and Evans 2013) and tinepact on salesperson learning. Moreover, our
research focuses on formal, as opposed to informal (i.e., self, social, and cultural), controls
(Jaworski 1988). It would be enlightening to examine the effects of informalcsaigols, as
well as combinations of control systems, on salesperson learning.

Finally, because we were not able to obtain objective performance measures, we use a
single, subjective generic scale (Behrman and Perreault 1982) to measure salesperson
performance. This scale has been used extensively in previous research (e.g., Cravens et al. 1993;
Evans et al. 2007; Sujan, Weitz, and Kumar 1994) and is one of the most reliable measures of
salesperson (outcome) performance. That said, an objective performance measure (e.g., quota)
and/or a measure that is more related to learning would have been ideal.
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TABLE 1
Empirical Resear ch on Salesforce Control Systems and Salesper son Perfor mance
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Type of Control and ItsLink to Perfor mance Outcome(s)

Study/Unit Performance Mediating Variables Outcome Activity Capability
of Analysis Sample Outcome(s) Employed Control Control Control
Cravens et 144 field sales Field sales managers’ ratings | Salesforce characteristics| « Technical knowledge (0) * Technical knowledge (0)
al. (1993) managers from of performance * Professional competence | ¢ Making sales presentations | * Making sales presentationg

« Sales units

diverse U.S. sales
organizations

* Selling behavioral
performance (technical
knowledge, sales
presentations)

* Nonselling behavioral
performance (providing
information, controlling
expenses)

* Outcome performance
(achieving sales objectives)

* Team orientation

* Risk taking

* Intrinsic motivation

* Recognition motivation
* Planning orientation

* Sales support orientation
+ Customer orientation

©)

* Providing information (+)
* Controlling expenses (0)

* Achieving sales objectives

*)

*)

* Providing information (0)
* Controlling expenses (0)

* Achieving sales objectives

©

Oliver and
Anderson
(1994)

« Sales units

347 salespeople of
independently
owned/operated
sales agencies in
the electronics
industry

Self-report performance (i.e.
sales goals, overall
performance, annual sales)

* Relative performance (-)
« Sales expense control (+)
» Sales presentation/plannin

*)

Babakus et | 58 chief sales * Behavioral performance * Territory design Chief executives’ sample
al. (1996) executives and 146 (i.e., technical knowledge, * Behavioral performance
* Sales units | sales managers adaptive selling, teamwork, *+)
from 58 companies| sales presentation, sales * Outcome performance (+)
planning, and sales support)
* Outcome performance (i.e., Sales managers’ sample
achieving sales objectives) * Behavioral performance
©)
* Outcome performance (0)
Challagalla | 270 salespeople Self-reported performance | e Supervisor role * Information/punishment * Performance (0) * Information/rewards ()
and Shervani| from five industrial | (achieving sales targets) ambiguity 0) * Punishment (0)
(1996) product divisions * Customer role ambiguity | ¢ Rewards (-)

* Salesperson

of two Fortune 500
companies

Ramaswami, | 165 salespeople of| Supervisor ratings * Information asymmetry * Performance (0) * Performance (0)
Srinivasan, aFortune 100 (i.e., performance, business | « Dysfunctional behavior

and Gorton organization in the | growth, professional growth,

(2997) agriculture industry| overall evaluation)

« Salesperson

Atuahene- Chinese sample: Self-reported performance | e Supervisee trust Chinese sample Chinese sample
Gima, and Li | 215 salespeople in| (i.e., contributing to market * Performance (0) * Performance (0)
(2002) high-tech firms share, 